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To prove study we see that F|y is a covering of X', and 7; is an object of Fx g for

¢ > 0 and F, exists and let F; be a presheaf of Ox-modules on C as a F-module.
In particular F = U/F we have to show that

M®*=1I° ®Spec(k) OS,s - Z;(l]:)
is a unique morphism of algebraic stacks. Note that

Arrows = (Sch/S) 7, ¢ (Sch/S) fpps

and

V =T(S,0) — (U, Spec(A))
is an open subset of X. Thus U is affine. This is a continuous map of X is the
inverse, the groupoid scheme S.

Proof. See discussion of sheaves of sets. H

Andrej Karpathy 4 VT /48 "Stacks" I T

http://karpathy.github.io/2015/05/21/rnn-
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